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PG Diploma in Data Science

(Program Curriculum)

For Prep Sessions + Batch Start Dates:
Please refer to upgrad.com

Note: This curriculum is subject to change based on inputs from IlITB and Industry

COURSE MODULE NAME DESCRIPTION SESSION SEGMENT

Introduction

Understanding

UpGrad Coding Console ek
Understanding Statuses & Important Pointers

Introduction

. Data Structures in PytRon b ]
Sharpen your Data Analysis skills Lists

Introduction with Python, which is the choice of |
to Python language for simplicity, readability |
and quick deployment. Dictionaries

Control Structures AnNd FUNCUIONS L i

Map, Filter, and Reduce

Introduction

Introduction to NUMPY e e

Computation Times in NumPy and Standard
Python Lists

Introduction

Operations on NUMPY ArrQys )

Learn to clean and manipulate the Basic Linear Algebra Operations

Python for _
data using Python's powerful data

Data Science analysis libraries - NumPyand | Introductlon __________________________________________________________________________________

Pandas. Pandas Basics

Introduction to Pandas ]

Lambda function & Pivot tables

Introduction

Getting and Cleaning Data e

Cleaning Datasets

An introduction to RDBMS and SQL

Basics of SQL Compound Functions and Relational Operators

. Session Summary
Learn the basic and advanced

Data Analysis concepts of SQL and add another Order by Clause

using SQL language to your programming Aggregate Functions
TOOIKIT! L

Advanced SQL

Summary

Introduction

Database design | O LApVSOLTp ------------------------------------------------------------------

Data Warehouse Schema- Industry Example

Introduction

Updating Table e

Date Manipulation
Learn the advanced concepts of

Advanced SQL SQL and gain mastery over this Introduction
programming language. |

Window Functions Frames

Window Functions' Restrictions

Introduction

User Defined Functions and Stored o
Procedures

Stored Procedures (Application)

Introduction

PREPARATORY COURSE

Query Optimisation e

Optimisation in Window Function

. . . Problem Introduction
Apply the basics of investing | e

and your knowledge of Data Science Assignment - Stock Market Analysis Data Set

to determine when to buy and sell a Grading Criteria

stock. L s A
Submission

Assignment SQL

Introduction

Introduction to Excel Report Making ll: Conditional Formatting

Ungraded Assignment

Introduction

Taught by one of the most | e
renowned data scientists in the Complex Functions

Data Analysis country (S.Anand, CEO, Gramener), Data Analysis in Excel - | Cell Referencing and Text Functions
in Excel this module takes you from a begin- | ]

ner level Excel user to an almost | e
professional user. Anand's Anecdotes

Anecdotes - |l

Introduction

Data Analysis in EXCel - [l

Ungraded Assignment

Introduction

Data Exploration in Tableau Connecting to the Data

Hierarchies and Drill Down

Introduction

Visualising and Analysing

: : i Learn an important and widely used
Visualisation P y Datain Tableau )

using Tableau tool for Data Analysts - Tableau.

Dual Axes Charts

Introduction

Visualising and Analysing
Data with Tableau - [l

Dashboard and Stories

Introduction

Define the Business Problem -

The CRISP-DM Framework - | Business Understanding |

This module covers concepts of the Business and Data Understanding Owning an IPL Team - Business Understanding

Analytics . CRISP - DM framework for business | "7 UnderstandmRawData """""""""""""""""""""""""""""""""""""
Problem Solving problem solving. 9

Preparing Data for Analysis

CRISP-DM Framework - Data Preparation, | The Heart of Data Analysis: Modelling

Modelling, Evaluation and Deployment Model Evaluation and Deployment

Objectives

Apply the basics of investing and | e
your kn_OWIedg e of Data Science to Investment Case Group Project
determine when to buy and sell a Checkpoints - Part 2

STOCK

Investment case study

Final Submission
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For Prep Sessions + Batch Start Dates:
Please refer to upgrad.com

Note: This curriculum is subject to change based on inputs from IlITB and Industry

COURSE MODULE NAME DESCRIPTION SESSION SEGMENT

Introduction: Inferential Statistics

Basics of Probability =~

Practice Questions

Introduction: Discrete Probability Distributions

Discrete Probability Distributions | Bmomlal D| str|b utlon ------------------------------------------------------------------

Practice Questions

Introduction: Continuous Probability Distributions

Continuous Probability DIStriDUTIONS -

Let us learn how to use arandom |
Inferential Statistics sample data to describe and make Practice Questions

inference about the population. . T
Introduction: Central Limit Theorem

Central Limit Theorem

Practice Questions - Part Il

Introduction to Module

Inferential Statistics - Practice Session

Assessments Il

Introduction

Concepts of Hypothesis Testing - | b

Critical Value Method - Examples

Introduction

Concepts of Hypothesis Testing - Il - oo

Types of Errors

You'll learn how to test whether Introduction
your assumptions about population |
data are true or not usingthe | @ mEEEEEET

sample data. Two-Sample Mean Test
Industry Demonstration Of

Hypothesis Testing

Hypothesis testing

Hypothesis testing in Python

Introduction

Hypothesis Testing - T-Test

Additional Resources | C h |Sq uareTest -------------------------------------------------------------------------

Assignment based on the concepts Problem Statement
learnt in Inferential Statistics and Assignment
Hypothesis Testing

Assignment: Statistics
and Hypothesis testing

Submission

Introduction to EDA

Data SOUrCinG T

Public Data Exercise

Introduction

Data Cleaning e

Filtering Data

Introduction

Univariate AnalysSis

In this module, we shall learn a set Quantitative Variables - Univariate Analysis

Exploratory of techniques to display data in Quantitative Variables - Summary Metrics
Data Analysis such a way that interesting features

will become apparent Introduction

STATISTICS AND EXPLORATORY DATA ANALYSIS

Segmented UnivariQle b

Comparison of Other Metrics

Introduction

Bivariate Analysis Business Problems Involving Correlation

Bivariate Analysis on categorical variables

Introduction

Derived METriCS e

Types of Derived Metrics: Data Driven Metrics

Course Overview

Introduction to Data Visualisation Visualisations - Some Examples

Understanding Basic Chart Types Il

Introduction

Basics of Visualisation Components of a Plot
Visualise distributions and SUMMQG- |

Data Visualisation ry statistics of data using Python's | ]
in Python visualisation libraries matplotlib Functionalities of Plots

and seaborn. .
Introduction

Plotting Data Distributions Univariate Distributions - Rug Plots

Bivariate Distributions - Plotting Pairwise Relationships

Introduction

Plotting Categorical and | T TR
Time-Series Data Plotting Aggregate Values Across Categories

Time Series Data

Assignment: An assignment to study, visualise | | PrOb'em Stateme”t _____________________________________________________________________

Uber Suppy-Demand and solve uber supply-demand Uber Supply-Demand Gap Evaluation Rubric

Gap gap problem Submission

Use the concepts of EDA to Problem Statement

EDA case study decipher which types of customers Gramener Case Study Evaluation Rubric

defaulton aloan L
Final Submission

Course Wrap - EDA and Statistics Course Wrap - EDA and Statistics

Pre-Reads

Here, you will find all the addition- Basics of Probability o S ]
Optional Questions

al content for the course as and

when they are added to this Pre-Reads

module Discrete Probability DistribUtIONS oo
Optional Questions

Additional resources

Power Law

Exploratory Data Analysis Recommended Additional Content

Election Data : Case Study
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COURSE MODULE NAME DESCRIPTION SESSION SEGMENT

Introduction

Simple Linear Regression Best Fit Line

Coding Practice - Simple Linear Regression

Introduction

Multiple Linear Regression
Regression helps us to determinethe | | T mmEmE oI T

strength of the relationship between Housing Case Study Predictions
one dependent variable and a series | T T
of other changing variables. | s

Linear Regression

Coding Practice - Building a Multiple Linear
Regression Model

Introduction

Industry relevance of Exploratory Data Analysis

linear regression Model Building |

Interpreting the Results

Problem Statement - Part |
Build a model to understand tRe | )

Linear Regression factors car prices vary on and . . : Problem Statement - Part I
Assignment- Line@ar REGreSSiON oo

assignment help a Chinese company enter Evaluation Rubric

the US car market.
Final Submission

Module Introduction: Logistic Regression

Univariate Logistic Regression Sigmoid Curve

Odds and Log Odds

Introduction

Multivariate Logistic Regression - Sensitivity and Specificity-|

Model Building Sensitivity and Specificity - Il

In this module, you will study the Gain and Lift Charts
theor}./ of Ioglsi.‘lc regres?lon, a KS Statistic
machine learning technique for

binary classification Introduction

Logistic Regression

.. ) Nuances of Logistic Regression - Variable
Logistic Regression - Transformation-I

Industry Applications - Part | = e
Nuances of Logistic Regression - Variable

Transformation-lI

Nuances of Logistic Regression - Variable
Transformation-lll

Nuances of Logistic Regression - Variable
Transformation-IV (Optional)

Introduction

Commonly Faced Challenges in Implementation

Logistic Regression: of Logistic Regression

Industry Applications - Part Il Model Evaluation (A Second Look)

Tracking of Model Performance Over Time

Introduction

Introduction to Clustering
Practical Example of Clustering - Customer
Segmentation

Introduction

MACHINE LEARNING |

K Means CIustering

Cluster Tendency

Introduction

Here you will learn how to group Executing K Means in Fython | | M akmgtheCIusters ____________________________________________________________________

Unsupervised elements into different clusters when Let's Have Some Fun

learning: Clustering you don't have any pre-defined Other Behavioural Segmentation Types
labels to classify them.

Introduction

Hierarchical Clustering Types of Linkages

Let's have some fun

Introduction

Other Forms of Clustering K-Prototype in Python

Gaussian Mixture Model

Introduction

Principal Component Analysis Comprehension - Calculating the Principal
This module will cover the concepts Components
. of PCA, which is an unsupervised |
Unsupervised i _ _ ,
Learnina: Princioal machine learning technique mainly |
earning: Incipa . used in dimensionality reduction. it | | SVEEAIPE-INGIE LETEESS oo
Component Analysis will also cover practical applications Practice Questions
of PCA in Python.

Introduction

PCA in Python Practical Considerations and Alternatives

Comprehension: PCA, SVD and Eigenvectors

Use your skills to predict which | | P roblemStatement _____________________________________________________________________

employee is going to leave the HR Analytics Case Study Evaluation Rubric

company in the near future. Subm|55|on """"""""""""""""""""""""""""""""""""""""""""""

HR analytic
case study

Introduction

SVM - Maximal Margin CIassifier =~ |

Maximal Margin Classifier

Introduction

SVM - Soft Margin CIQSSIfi@r =~ s

Learn the fundamentals of SVIMS |

Support Vector ) o
PP . . and use them to detect spam emails, Cost of Misclassification
Machine (Optional) | ol

recognise alphabets and more! SVM R-Lab

Introduction

Kernels The Kernel Trick

Letter Recognition Using SVM
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COURSE MODULE NAME DESCRIPTION SESSION SEGMENT

Introduction

Introduction to DeCiSION TreeS e
Comprehension - Decision Tree Classification

in Python

Regression with Decision Trees

Introduction

Algorithms for Decision Gini Index

Tree Construction Entropy and Information Gain

Splitting by R-squared

Introduction
Tree models represent the Way We |
make decisions. Learn how decisions | | FEIEEIES A mmEETEIEYEs oo
Tree Model are made in this powerful Tree Truncation
classification algorithm. |

Truncation and Pruning

Comprehension - Hyperparameters

Introduction

Random Forests

Forest

Coding Practice Questions

Introduction

Introduction to Boosting Weak Learners

and AdaBoost AdaBoost Algorithm
This module will cover the cONCePts | b
of boosting and different boosting AdaBoost Lab
algorithms- Adaboost, GBM and ,
Introduction
XG BOOST. e

Boosting

Gradient BoOStiNg

Kaggle Practice Exercise

, , Time Series VS Regression
INtro to Time Serie@sS

Components of Time Series

Understanding Stationarity

Working with Stationary TImMeE SEIIES |-

In this module, you will learn how to Ar & Ma Modelling

Time Series CUEEHEEE L e s
] analyse and forecast a series that Arma Modelling
(Optional)

varies With time. |
Model Evaluation

Time Series Differencing

End-to-end Analysis Additive VS Multiplicative Model

Making Time Series Forecast

Inspiration from Human Brain

Structure of Neural Networks Simplifying Neural Networks

MACHINE LEARNING II

Building a Sample Network on MNIST Data

Layers in Neural Networks

Inspired by the most sophisticated Information Flow in Neural Networks Information Flow in Neural Networks
machine in the world - the human BT P S s
brain, NNs help machines learn. nrormation Flow - image kecognition

Neural Networks
(Optional)

What does Training a Network Mean?
Training a Neural NEetWOrK bl

Updating the Weights & Biases

L. Stochastic Gradient Descent
Training in BatChes e

Exploration & Exploitation

Dealing with Sequential Data
Recurrent Neural NetwWorKs e

Regularisation in Neural Networks

Introduction

Principles of Model Selection Simplicity, Complexity and Overfitting

You are preparing for a competitive Regularization

exam. Should you learn some tricks
for it or focus on the fundamentals? '”trOdUCt'O” ____________________________________________________________________________________
Model Selection has the answer Regularization and Hyperparameters

Model Selection

Model Evaluation

Cross-Validation: Hyperparameter Tuning

Introduction

Given a business problem, how do
you choose the best algorithm? . . R S
Learn a few practical tips for doing Model Selection - Best Practices | _Pros and Lons of Different Machine Learning Models .

Considerations this here End-to-End Modelling - |

Model Selection -
Practical

End-to-End Modelling - Il

Introduction

Generalized Linear Regression Generalized Regression Framework-2

Generalized Regression in Python

Introduction

Advanced This course takes a more advanced | | REGEAIMEESEREGIESSML oo
Reg ression look at linear regression models. Ridge and Lasso Regression - Il

Regularized Regression Model Selection Criteria-ll

Comprehension: Features' Subset Selection -
Best Subset Selection

Comprehension: Features' Subset Selection -
Stepwise Selection

Optional Assignment

Solve the most crucial business Problem Statement

Telecom Churn problem for a leading telecom operator Telecom Churn -
Case Study in India and southeast Asia - predicting ML Group Case Study |
customer churn. Submissions
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COURSE MODULE NAME DESCRIPTION

SESSION

SEGMENT

Introduction to Understand the big data ecosystem

Big Data and the various types of job roles in
the industry.
Big Data Learn the basics of Hadoop and its

Storage and Processing
Framework - Hadoop

architecture - a distributed computing
platform.

—
m [

Big Data In big data ingestion and processing,
o Ingestion and learn to use various tools for getting
< Processing and processing data.
-
o

Big Data Learn Apache Spark, the newest big

Processing using
Apache Spark

data framework with unprecedented
performance and ease of use.

NYC Parking
Case Study: Apache
Spark

Apply machine learning algorithms to
Big Data using Spark

Understanding Big Data

Big Data Storage in Hadoop

Big Data Processing In Hadoop

Introduction to Apache Sqoop

Introduction to Apache Hive

Hive Data Models - Partitions
and Buckets

File Formats in Apache Hive

Advanced Data Analysis in Hive

Concepts and Fundamentals of Spark

Working with Spark

NYC Parking Tickets:
An Exploratory Analysis

Course Introduction

Conventional Data Processing Systems and Big Data

Introduction

Comprehension — Hadoop Distributed File System
(HDFS)

Introduction

Comprehension -Yet Another Resource Negotiator
(YARN)

Introduction

Sgoop Commands: Job and Eval

Introduction

Understanding and Analysing the Data Stored
in Hive Tables

Solution - Movies Graded Questions

Introduction

Comprehension: Data Models (Graded Assessment)

Introduction

ORC and Compression Algorithms

Introduction

Handling Complex Data Types using Hive

Introduction

Programming & Debugging in PySpark

Introduction: Setting Up

Hive LLAP

Problem Statement

Submission
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COURSE MODULE NAME DESCRIPTION SESSION SEGMENT

NLP: Areas of Application

INtroduction tO INLP e

Regular Expressions: Use Cases

Get started with N“? by knowing Word Frequencies and Stop Words

about all the essential text | e ettt e ettt et e et ettt enen)
preprocessing and text cleaning Tokenisation

techniques. |

Lexical Processing

Basic Lexical ProCeSSiNG e

Building a Spam Detector - |

Canonicalisation

Advanced Lexical Processing | SpeIICorrectorI ------------------------------------------------------------------------

Pointwise Mutual Information - li

The What and Why of Syntactic Processing

Introduction to
SynNtactiC ProCeSSING e

Deep Learning Based POS Taggers

Why Shallow Parsing is Not Sufficient

Learn algorithms to parse grammar of Parsing Bottom-Up Parsing

sentences - HMMSs, CFGsS, PCFGS ANd | e
build a smart flight-booking NLU Probabilistic CFG

system using techniques suchas NER. | e e

Syntactic Processing

Dependency Parsing

Understanding the ATIS data

Information Extraction Probabilistic Models for Entity Recognition

CRFs - Another Probabilistic Approach

CRF Model Architecture - |

Conditional Random Fields Training a CRF model

Python Implementation of CRF

. . ina i i Problem Statement
syntactlc syntactlc Pos tagglng ls a crUCIaI part Of ---------------------------------------------------------------------------------------------------------------

. . Syntactic Analysis. Build a POS tagger ) ) )
- Assignment - Syntactic Analys i i
Processmg ASS|gnment using a CRF classifier and by Ignm 3% Ic Analysis Evaluation Rubric

Processing modifying Viterbi Final Submission

Concepts and Terms

NATURAL LANGUAGE PROCESSING

Introduction to
Semantic Processing

ELECTIVE-
O
o
o
O
&
&
=
o
(X
Z
o
o
S
o
0O
o
=
o
I
Z
1

Lesk Algorithm Implementation

Occurrence Matrix

Distributional Semantics

Semantic Extract meaning | o TRRARR IR BIRVE mhymen-n
Processing from the text Basics of Topic Modelling with ESA

Introduction to Probabilistic Latent Semantics Analysis
(PLSA)

The Output of a Topic Model

Comprehension - Multinomial Distribution in

LDA in Python - I

The Problem Statement

Social Media Opinion Mining -
Semantic Processing e e
Case Study Python code - |

Python code - I

Building Chatbots with Rasa

Building Chatbots Dialogue-Flow Management
With Rasa T

Learn the fundamentals of building
chatbots using open source chatbot | | EEEEE EEEIEE T mIEI -
bUilding framework 'Rasa |nteractive Learning

Building Chatbots
With Rasa

ML and Al in Business

Problem Statement

NLP Course Project -
BUuilding @ CRGtDOt e
Final Submission
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COURSE MODULE NAME DESCRIPTION SESSION SEGMENT

Neural Networks - Inspiration from the Human Brain

Structure of Neural Networks Working of a Neuron

Activation Functions

Flow of Information in Neural Networks -
Between 2 Layers

Feed Forward in Neural Networks

Understanding Vectorized Feedforward Implementation

What Does Training a Network Mean?

In this module, you'll be introduced 10 | e
the basics of Neural Networks and Updating the Weights and Biases - I
various concepts relatedtoDeep | T e

Neural Network which will be used Backpropagation in Neural NEIWOIrKS e
in the future modules. Sigmoid Backpropagation

Introduction to
Neural Networks

Training in Batches

Regularization

Modifications to Neural NEIWOIKS [

Introduction to Keras

Loss Function |

Hyperparameter Tuning in
Neural Networks

Initializations

. . Problem Statement
Neural Networks - Implementing multiclass Introduction to Neural Networks- oo

Assignment classification on MNIST dataset Assignment Evaluation Rubric

using raw NN model in Numpy. | T FISb """"""""""""""""""""""""""""""""""""""""""""
inal Submission

A Specialised Architecture for Visual Data

Introduction to Convolutional
Neural Networks

NETWORKS
A
&
o
-
«Q
O
Q
3]
3
Q
«Q
&

Putting the Components Together

Building CNNs in Keras - MNIST

Building CNNs with [T e

Learn how to solve state-of-the-art Python and Keras e ]

Convolutional computer vision problems using CIFAR-10 Classification with Python - I
Neural Networks CNNs. ]
) CIFAR-10 Classification with Python - I

Overview of CNN Architectures

DEEP LEARNING AND NEURAL

CNN Architectures and [
Transfer Learning

An Analysis of Deep Learning Models - li

ELECTIVE-
—]
=
Q)
-
n
*
D
=
—
®
Q)
=
=
>
«Q
=1
o
<
~
-y
o)
>

Introduction to Style Transfer

Style Transfer and Object DetecCtion

Object Detection - I

Examining the Flowers Dataset

Industry Demo: Data Preprocessing: Practice Exercise Solutions

Using CNNs with Flowers Images

Convolutional Neural | ]

Networks - Learn about how CNNs are Ablation Experiments

. . g || AblationExperiments
Industry Applications psed i inaustry

Training and Evaluating the Model

Examining X-ray images

Industry Demo:
Using CNNs with X-ray Images

CXR: Final Run

What are Sequences?

What Makes a
Neural Network Recurrent?

Vanishing and Exploding Gradients in RNNs

Bidirectional RNNs

Learn how to use neural networks on o
Recurrent } , Characteristics of an LSTM Cell

sequence problems using recurrent Variants ofRNNs | oo e e T
Neural Networks

neural networks. Structure of an LSTM Caell

GRUs and Other Variants

POS Tagging Using RNN - |

Building RNNs in Python POS Tagging Using RNN -V

RNNs in Python

Problem Statement

Neural Networks In this module, you'll experiment and , _ .
. . - Deep Learning Course Project - Understanding Generators
Project - Gesture create a model that identifies the T o i ]
. , . Gesture Recognition
Recognition gestures with considerable accuracy. Starter Code Walkthrough

Final Submission
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COURSE MODULE NAME DESCRIPTION SESSION SEGMENT

What to expect What to expect from Healthcare Domain Elective

Introduction

With all the necessary DA knowledge Stakeholders of the Primary Healthcare Ecosystem:

Understanding the it is time to get into the domain | P OCOSS i ]
Healthcare Domain details. Learn about the healthcare Stakeholders of the Primary Healthcare Ecosystem:
landscape in the US. Introduction to the Healthcare Space Drivers and Metrics

Stakeholders of the Secondary Healthcare Ecosystem:
Process

Stakeholders of the Secondary Healthcare Ecosystem:
Drivers and Metrics

Other Stakeholders of the Healthcare Ecosystem

Introduction

In this module, you will explore the

. . different analytics opportunities that . . | e
Provider Analytics exist in the healthcare provider Frovidernalyses . Vanagement of Patient Traffic -1l (Somprehension) .
space. Management of Patient Traffic - Il

Hospital Compare

Introduction

Getting Familiar with the [ e
US Payer Market

In this module, you will explore the Analytics Opportunities in Provider Management

Payer Analytics different analytics opportunities that Introduction
exist in the healthcare payer SPACE. |

HEALTHCARE

Claims and Care ManQgemeENnt ]

ELECTIVE-

Analytics Opportunities in Care Management

Stratify patients according to the risk Problem Statement

Assignment -
9 of cost they pose to the healthcare Assignment - Risk StratificQtion |77

Payer Analytics payer Submission

Drug Development and Sales Analytics Pharmaceutical-Selling Process

Analytics in the , ,
Learn how pharmaceutical companies

Pha rma.ceutlcal harness the power of data analytics. | b
Industries Customer Segmentation

Introduction

Marketing AnalytiCS

Market Forecasting

Get a brief overview of how all that Healthcare Course Wrap by Prof. RC
Course Wrap for you have studied in the healthcare

Healthcare domain, finds application in the real
world.

CoUISE WD e

Interview tips by Rohit

Decipher the CMS hospital star rating | | Problem Statement _____________________________________________________________________

Capstone Project system using supervised and unsuper- Capstone- Healthcare Mid Submission

vissdmodels. | Final Submission
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COURSE MODULE NAME DESCRIPTION SESSION SEGMENT

Introduction to ecommerce domain Introducing Analytics in E-Commerce

Introduction

Introduction to Get acquainted with the various Inventory Management
E applications of Data Analyticsin | Mkt """" T
-commerce . o arketing In ecommerce
E-commerce business Data Analytics in @COMMErce |
Improving User Experience
Fraud Detection
Shipment Delivery
Customer Feedback
Introduction
Understanding Recommendation Systems
. Learn about the algorithms that | | ContentBasedFlltermg _____________________________________________________________
Recommendation . . . L
power the recommendation engines Recommendation Systems User Based Collaborative Filtering
systems of the E-commerce sites |
ltem Based Collaborative Filtering
Issues in Recommendation Systems
Recommender System in Python
Assignment - Build a recommendation engine Assignment - Recommendation System Problem Statemen
Recommendation based on Beer preferences of users. g e ST
systems Submission
Introduction
Understanding Price Markup & Markdown
Price Markup & Markdown Why are Markdowns done?
3 Why are Markups done?
o Effect of Price Markup or Markdown
Ll . o e . Learn how prices are dynamically Introduction
E Price Optimization timised latform | e
optimised on an e-commerce platrorm The Four Forces of Price Optimisation
E Demand elasticity
O The Four-Force Model Competitive benchmark
? Internal economics
Ll Category dynamics
| Goal of Price Optimisation
LU
— Introduction
I- """"""""" L Ty
o What is Market Mix Modelling (MMM)?
LLl Factors that Impact Sales How Does Advertising Impact Revenue?
— How Do Pricing & Promotions Impact Revenue?
o How Does Product Assortment Impact Revenue?
Introduction
Market Mix Learn how to optimise your marketing Modelling the Advertising Effects - Part |
MOde"mg spends in order to maximise the ROI. Modelling the Advertising Effects - Part Il (Optional)
Modelling the Advertising Effects - Part lli
Modelling the Impact of KPIs | Creating AdStocks |
Modelling Different Pricing Effects
Overview of KPIs
Presenting the Results
Other Topics
Introduction
A\B Testing Understand the concept behind A/B Understanding A/B testing
. test and also learn how to execute an A/B Testing
(Optional) A/B testin Optimizely | | Stepsin A/Btesting |
Setting up an A/B Test in Optimizely
Get a brief overview of how all that
Course wrap for you have studied in the ecommerce L
E-commerce domain, finds application in the real Course Wrap Ecommerce Course Wrap by Ujjyaini
world.
Model the impact of different | | Problem Statement |
Capstone Project marketing levers on the sales figure Capstone- E-com Mid Submission
OFf ElecKart. L]

Final Submission
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COURSE MODULE NAME DESCRIPTION SESSION SEGMENT

What to Expect in BFS Domain Elective Introducing Analytics in Banking and
Financial Services

Introduction

Learn how banks make money How Banks Make Money [ S
Introduction to through various banking productsand | | Profitabllity of Credit Cards ]
Banking and also understand the customer P&L of Banks and Financial Institutions
Financial Services lifecycle. .
Introduction
Customer Lifecycle
Customer Lifecycle Customer Lifecycle - Acquisition Analytics
Customer Lifecycle - Engagement Analytics
Customer Lifecycle - Risk Analytics
Introduction
Understand the component of Acquisition - Types of Datasets
Acquisition Acquisition Strategies & practice Components of Acquisition Strategy
Analvtics hands-on exercise of Data analytics Introduction to Acquisition Analytics [
y for acquiring the potential | | MarketSegmentann _________________________________________________________________
customers Segment Prioritisation
Channel Preferences
. Build a response model based on Problem Statement
Assighnment- the clients, campaign and economic Nesi 2 sition Analvtics [
Acquisition Analytics information provided by the ssignment - Acquisition Analytics
Submission
portuguese bank.
Introduction
Engagement Analytics Framework
Cross-Selling Strategies
Engagement Strategies
Types of Cross-Selling
(7)] Cross-Selling Opportunities
LL Now that you have learnt how to Customer Lifetime Value (CLV)
m Engagement acquire customers, learn how to ntroduction
- Analytics engage them and prevent their | o]
attrition Cross-Selling Lab Cross-Selling - Business Objectives
TTRE TTTl h
> Cross-Selling Analysis
o Introducti
ntroduction
== | Y NNt o OO O OO
0 Types of Attrition
Retention and Loyalty ManQgement |
L Attrition - Credit Card
= Interpreting a Credit Card Attrition Model
LU
Introduction to Risk Analytics
Types of Risk Analytics Types of Risk Analytics
Types of Credit Risk - Operational and Regulatory
Introduction to Operational Risk Analytics
Operational Risk Analytics Framework -
Customer Lifecycle
Operational Risk Analytics - Acquisition Introduction to Acquisition Risk Analytics
Metrics to Measure Acquisition Risk
Learn about the risk associated Implementing Acquisition Risk Models
Risk analytics with customers who default on Validating Acquisition Risk Models
their loan or credit, and the
analytics related to it. Introduction
Operational Risk Analytics - Roll Rate Matrix
Existing Customer Management Data and Models in ECM
Validation of Behaviour Models
Operational Risk Analytics - Collection and Recovery Management
Collection & Recovery Validation of Collection and Recovery Models

Introduction

Regulatory Risk Analytics Regulatory Risk Analytics - A Brief Introduction

(Optional)

Get a brief overview of customer

Course wrap for BFS lifecycle that you have studied in Course Wra BFS Course Wrap by Kalpana

P the BFS domain, finds its P P by Ralp
application in the real world.
Help CredX identify the ideal Problem Statement
. applicants to provide creditcards | _

Capstone Project ppicams to p . Capstone- BFS Mid Submission
to by building an application | e
scorecard. Final Submission
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PG Diploma in Data Science

(Program Curriculum)

For Prep Sessions + Batch Start Dates:
Please refer to upgrad.com

Note: This curriculum is subject to change based on inputs from IlITB and Industry

COURSE MODULE NAME DESCRIPTION SESSION SEGMENT

Introduction to Kaggle

Model Building

. An introduction to the world of Creating an account
Introduction to , T SR
K | Kaggle. How it can be used to Introduction to Kaggle Datasets
aggle enhance Visibility. |
Kernels
Competitions
LLI
o Basic Feature Engineering Basic Feature Engineering
o E Engi . Build general features to build a
(7)) eature Engineering model for text analytics Advanced Feature Engineering
0 Advanced Feature ENGINEEriNG oo

Problem Statement
Solve a problem based on one Of the | ek

C competitions held on Kaggle or on an Problem statement Evaluation Rubric
apstone industry dataset as a final testofwhat | | S —
you have learned so far.

Solution Solution




